INTRODUCTION
for "Asian flu" was 1-4 million. [10, 11] Therefore, controlling and preventing the epidemic of influenza is an important issue. The basic reproduction number (R 0 ) is an important metric that used for measuring the vaccination coverage (to prevent epidemic), eradicating an infectious disease, controlling and immunizing the disease which is defined the mean number of secondary infections generated by a single infectious individual in a fully susceptible population without immunity and interventions. [12] In particular, the R 0 determines whether an infection spreads through a population. [13] The basic reproduction number or threshold parameter applied for determining the critical immunity coverage can be a real number greater than, less than, or equal to one. The disease will fade out when R 0 < 1 and an epidemic will occur (the infection will grow) if R 0 ≥ 1, showing an endemic in the population. [13, 14] Since the R 0 has a key role in measuring the transmission of diseases and is crucial in preventing epidemics, thus it is important to know which methods and formulas to apply to estimate R 0 and have better performance. We estimate the R 0 and its related vaccination coverage for Canadian influenza data during 2009 and 2017-2018.
MATERIALS AND METHODS

Objectives
In this study, we reviewed the investigated methods and formulas used for estimating the R 0 of influenza in various published research papers from 1954 to 2017. After a scientific systematic review on R 0 , we found out that there are many basic reproduction formula which are applied for determining the vaccination coverage so it is necessary to characterize a formula which gives more accurate result to use in vaccination strategies which leads to optimize the costs. We extracted more commonly-utilized formulas [Appendix Table 1 ]. We considered six common formulas and applied them to real data to determine which formula most closely approximates the real epidemic threshold parameter with high efficacy.
Then, R 0 s and related vaccination coverage of these methods was estimated for a secondary real data of Canadian influenza (2009). The calculated R 0 was compared with R 0 of the Canadian paper [15] and also simulations were performed. Finally, the best method was chosen based on mean squared error (MSE), then R 0 calculated by selected method for the H1N1 Canadian data in the 35 th week in 2017-34 th week in 2018.
Data
In Canada, circulating of influenza A virus is very common. The data sets in this study were obtained from the Public Health Agency of Canada (PHAC) website [16] and the last FluWatch weekly report of the 2017-2018 influenza surveillance season achieved from the Respiratory Virus Detections in Canada Report website. [17] The total number of patients was 927 during the 2009 influenza season which were based on month/day and the number of new cases was 1280 for Canada 2017-2018 H1N1 data which report every Thursday in Canada. We fitted all the six models to Canadian 2009 pH 1N1 cumulative cases data. [16] Then, the best model was applied to the data of Canada (34 th week in 2017 to 34 th week in 2018). [17] 
Statistical analysis
The models used in this article included the Richard model, attack rate (AR), exponential growth rate (EG), maximum likelihood (ML), time-dependent reproduction numbers (TD), gamma-distributed generation time (GT), and R 0 using the final size of the epidemic. The above mentioned methods were applied for estimating R 0 using R software (R 0 package and programming). R software was created by Ross Ihaka and Robert Gentleman at the University of Auckland, New Zealand, and is currently developed by the R Development Core Team (of which Chambers is a member).
Generation time
The time-gap between infection of a primary case and infection of a secondary case that is generated by the primary case. [18] The attack rate The R 0 can be described by the AR with the following formula:
where AR defines the ratio of the people generating an infection disease and S 0 show the initial susceptible ratio. [19] The exponential growth rate The following formula was applied for computing the R:
In this formula, M is the moment-generating function of the GT. [20] The parameter r is determined by the Poisson regression. Furthermore, the parameter w is GT.
The maximum likelihood
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The log-likelihood function is:
and R is the maximum value of the log-likelihood function. [21] Furthermore, the parameter w is estimated by maximizing log-likelihood is GT.
Time-dependent reproduction numbers
In this method, R t is computed by averaging R j , which is the mean of all transmission networks corresponding to the cases observed. [22] { }
Consider that person i and person j are in times t i and t j , respectively, then displays the probability of infection transmission from person j to person i so R t compute by averaging all R j which is the mean of all transmission networks correspondent with the cases that observed.
The gamma-distributed generation time
The number of cases on the day "t," denoted by n t in (t 1 , t 2 ) grows exponentially where
And
The EG denotes by r. The mean and standard deviation of the GT are µ and σ, respectively, where a = µ 2 /σ 2 and b = µ/σ 2 . [23] R 0 using the final size of the epidemic The R 0 can be estimated with the below formula:
where the total population at risk and total number of infections are denoted by N and C, respectively. [24] 
Vaccination coverage
The vaccination coverage is computed by the basic reproduction number with formula:
which shows the proportion of peoples who should be received the vaccine. [7] Comparison of methods For exploring the closeness of the estimation of the mentioned methods to the actual R 0 s and comparing them with each other, we applied 10000 times simulation for each formula based on the Canada data. The epidemics were simulated with the following properties. The distribution of the GT was considered gamma with the mean of 3.6 and standard deviation of 1.4. According to real data (the Canada data), the length of the epidemic was 80 days. Moreover, the peak value (the threshold value for the incidence before epidemics begin decreasing) for the Canada data occurred in the day 54. Therefore, we applied the value equal to 54 for the peak value in the simulation command [For details, see the simulation command under Table 1 in the results section]. Simulation of the basic reproduction number was made with above characteristics and the MSE was calculated for evaluating the performance of models with below formula. The lowest MSE value corresponds to the method which fitted the data best. 
RESULTS
Canadian 2009 H1N1 influenza data
We fitted the six models to the daily dataset of Canada, throughout the 80-day period of the studies. All dates of the Canada data were based on month/day form 18 April, 2009 to 6 July, 2009. Moreover, the number of infected people was plotted as frequency [ Figure 1 ].
In order to demonstrate the difference in modeling with various formulas, the result of the Richard model (presented in Hsieh's study) [15] as well as the results of the other six models are presented in In order to compare the mentioned models to find the formula with better fit to the actual values, we conducted a simulation with R software and calculated R 0 based on the six models reported in Table 2 . We used gamma distribution for the GT with the mean of 3.6 and standard deviation of 1.4. The peak value determined right over the original data were equal to 54. Then, using the above parameters, the simulation was implemented and R 0 was computed for each method. The simulation results for comparing the quality of the six methods are represented in Table 1 and Figure 2 .
In order to carry out the simulation, the number of runs to achieve the R 0 was 10000.
The results, given in Table 1 , indicated that there were differences between the actual and simulated R 0 ; however, the TD method had the closest value to the R 0 calculated from the simulation compared to the other methods. Surprisingly, some variation was considered for the ML estimations when the actual values were equal to one, between one and two and greater than two. In the ML method, we found that the simulated R 0 for small values was very close to that for the actual values when the actual values were between 1.42 and 1.71; while the simulated R 0 for large values was very different from that for the actual values. For the gamma-distributed GT approach, the simulated R 0 grew out of the actual values for values close to one. In contrast, the results showed that the computed values for R 0 in the simulated system were slightly greater than the actual values when we applied R 0 between 1.42 and 2. By following the same interpretation, we can infer that the EG method had a small variation for small R 0 values (1.4 < R 0 < 2). On the other hand, the R 0 estimations using the EG diverged from the actual R 0 but was not significant. Finally, the computed R 0 by the AR and final size of the epidemic methods seemed likely to reflect stability for all R 0 s. In particular, for the latest assumed R 0 s, the estimated R 0 was equal to one. We also plotted [ Figure 2 ] the actual R 0 and simulated R 0 based on six methods with the parameters described in Table1. For evaluating the performance of models, we computed MSE for all methods [ Table 3 ]. The TD method had the lowest MSE value in comparison to other methods. The MSE of AR and final size of the epidemic methods was very varied. In addition, MSE of ML, EG, and gamma-distributed GT methods were also calculated. For ML, EG, and gamma-distributed GT, the mean of MSE of all points were 4.85, 3.81, and 3.31, respectively. As noted above, the TD introduced the approach with the nearest estimation to the actual R 0 based on MSE criterion.
We also performed a sensitivity analysis with the incidence data of Canada on the GT with the gamma distribution [ Figure 3 ]. The sensitivity analysis demonstrated that R 0 (95% CI) for the mean GT (days) of 3.6 and 4.9 was estimated as 1.47 (1.41, 1.53) and 1.67 (1.58, 1.76). Thus, the computed R 0 was approximately near that of the Richard and TD methods when the mean GT was equal to 4.9.
Canadian 2017-2018 H1N1 influenza data The incidence data are reported based on week/year from the 35 th week in 2017 to the 34 th week in 2018. Peak value for this data has occurred in the 12 th week in 2018 after starting the epidemics. The number of infected cases is plotted in Figure 4 .
For the given data, R 0 (95% CI) and vaccination coverage based on TD method was computed. Indeed, we found that the estimated R 0 by TD method was (1.52 95% CI: 1.11, 1.94). In addition, the estimates of vaccination coverage were 34.2% for 2017-2018.
DISCUSSION
We implemented six methods (the ML, EG, TD, AR, gamma-distributed and final size of the epidemic), which permitted the estimation of the R 0 as key parameters of the epidemic based on the A/H1N1 Influenza cumulative case counts data in Canada (2009). The R 0 for the ML, EG, TD, AR, gamma-distributed and final size of the epidemic methods were estimated 1.42, 1.46, 1.71, 1.116, 1.49, and 1.0, respectively. In most cases, the R 0 was greater than unity; hence, the epidemic outbreak was observed. In addition, the computed R 0 for Canadian data (2018) by TD method was greater than one indicating that an epidemic occurred in Canada (R 0 > 1). Thus, it seems necessary to consider appropriate solutions in order to control, decrease and prevent the epidemic or pandemic of influenza. One of the most effective methods to protect people against Moreover, we performed a simulation using R software for several R 0 and obtained their estimates based on the epidemic data of Canada (2009) for the six methods. The computed R 0 in the TD method was nearly the same as the actual R 0 based on MSE criterion. Comparing the simulation results from the ML, gamma-distributed GT and EG methods showed variation for different values of the actual R 0 ; however, some of the calculated R 0 s applying the simulation were close to the actual values. For the most actual R 0 , the simulated R 0 by the AR and final size of the epidemic methods was equal to one. Whereas these type of modeling approaches are not able to differentiate between various R 0 . We believe that this may correspond to the small number of the infected cases compared to the susceptible cases.
Note that, our basic reproduction number estimated using the TD method was consistent with that derived from the Richard model in the Canadian papers. [15] Not only the simulated R 0 for the value 1.68 almost agreed with that of the TD approach but also the other simulated R 0 by the TD method was nearly consistent with the actual R 0 . In other words, the lowest MSE values were obtained for TD method.
From the methods reviewed in Appendix Table 2 , which can be applied to estimate the R 0 , the approaches presented in Table 1 fitted to the cumulative cases data. All the methods reviewed in this paper, as any modeling techniques, had advantageous and disadvantageous. One of the strengths of this study is to review all studies done related to influenza and then selected some of the frequently used model and determine their strengths and weaknesses; seven of them used for the R 0 estimation in the Canada data, as shown in Table 1 , are explained in details in Table 4 .
Regarding Table 4 , it seemed that the TD, ML and EG methods had superiority compared to the other methods. These models were used by researchers to estimate R 0 of influenza.
Some studies estimated the R 0 from influenza data using different models and compared the results. Obadia et al. obtained estimates of R 0 from the "Germany 1918" epidemic data based on five approaches which including the AR, ML, sequential Bayesian and TD methods. In addition, comparing results from different methods showed that the biased ML and TD methods were least. [30] Another study applied four different methods (the EG, simple susceptible-exposed-infectious-recovered [SEIR], more complex SEIR-type model, and ML model) in order to compare these estimation approaches. The EG had large uncertainty while ML had a consistent estimate with the estimate of the autumn wave. [20] In general, the TD had a good fit on the data as confirmed with the Richard model and MSE criterion.
A weakness of this study is that the 2009 Canada data have been used for comparing methods, which looks old. The reason for this, is comparing R 0 with pervious article [15] and comparing the methods with the actual values which are exist on this data in the mentioned paper. Finally, a more comprehensive study for influenza as an annual national disaster using new method such as Bayesian is needed that we are going to do in the future research.
CONCLUSION
Awareness of the basic reproduction number of influenza is useful for calculating vaccination coverage and then applying vaccine strategy. Therefore, it is necessary to know the method which has better performance for influenza data that our results showed the TD method is preferred. One advantage of the TD method in compared to the other methods was that it was useful for computing the R 0 regarding the real cumulative case count data. Another advantage of the mentioned modeling was that it did not require extensive, detailed data as well as more parameters to calculate the basic reproduction number. Therefore, we recommend using this method in order to estimate the basic reproduction number. [25] The MLE approach is the least biased The approach used for missing data in the ML method is similar to McBryde in Bayesian [26] Some of the assumptions of the models are: no imported cases, no missing data and uniformly-mixed population. Violation of any of these assumptions changes the results [27] In the long period for the aggregated data, the estimation of the reproduction number tends to be increasingly underestimated EG Aggregated data and dispersion are least impressed on the estimation of reproduction
For the initial phase of the epidemic, this simple method may not be always powerful The assumptions should be checked and the method should be used with caution [28] TD It is the least biased Importation of the cases can be accounted within the epidemic
In the long period for the aggregated data, the estimation of the reproduction number tends to be increasingly underestimated In the TD approach, the R 0 depends on time and changes with it and no solution exists for correcting this method AR The least information is needed for this approach [28] The AR method, unlike the other models, does not require the GT distribution (there may be no prior knowledge about the GT distribution)
It is useful when the epidemic ends No intervention is required to set up during outbreak This method is applied in particular limited settings such as army and schools [29] It does not require the GT distribution 
APPENDIX SEARCH STRATEGY
In order to review the literature on basic reproduction number of influenza, we searched in the electronic databases such as the web of knowledge, PubMed, EMBASE, and Google Scholar to find published papers between 1954 and 2017. The medical subject heading was applied to find a wide range of keywords that had a maximum sensitivity. The following keywords were searched: influenza, human, and reproduction number. In detail searched keywords were ("influenza, 
STUDY SELECTION
Two reviewers independently extracted relevant studies from the keywords search. All types of original articles were investigated. The studies which included "influenza reproduction number" in their titles or abstracts were included. The irrelevant articles, based on the title and abstract evaluation, were excluded. Moreover, we eliminated the duplicated articles to determine unique studies. Animal studies and human studies that included special populations such as pregnant women and schizophrenia were excluded. We then extracted data and formulas from the full text of the included studies. Figure 1 shows the search strategy, through which 1213 papers were obtained in the initial round. The number of the retained papers was 910, which estimated R 0 for epidemic or pandemic influenza with A/H1N1, A/H1N5, H1N2, H1N3, H5N1, pH 1N1, A/H3N2, influenza B, A (H7N9), Spanish flu, H2N2, H3N2, AH1, AH3, A (H5N1), and Asian flu. The number of papers identified through other sources was 5. Overall, 89 papers presented the basic reproduction number estimation and its formula, as summarized in Table 1 .
In addition, detailed information of the study characteristics provided in the systematic review is given in Table 2 , of which 10 studies were taken into consideration. In some of the studies, p-H1N1, A (H1N1), A (H3N2), type B, and A (H7N9) were reported as types of influenza. The models used for estimating R 0 in these 8 studies were the multi-control measure, growth rate of exponential, and multi-phase Richards. In several of the studies, laboratory-confirmed cases were investigated for determining the reproduction number of influenza. Maximum, minimum and median of the reproduction number were 10.03 (in Mainland China), 0.08 (in China) and 1.39, respectively. The reproduction number of the influenza type A (H1N1) in Taiwan (2013) and Mexico was reported 1.54 (95% confidence interval [CI]: 0.22-8.88) and 1.69 (95% CI: 1.65-1.73), respectively. For A (H7N9), the reproduction number and its 95% CI in China for the first wave was estimated 0.27 (0.14, 0.44). Contd... Contd... 
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